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Abstract: Traditional research on the historical geography of Oracle Bone Inscriptions (OBI) relies heavily
on manual interpretation following the “Two—fold Evidence” approach. While effective, this method is
constrained by limited efficiency and inevitable subjectivity when processing large corpora, particularly in
resolving challenges such as the integration of clan and place identities and the ambiguity created by
overlapping names. This study presents an automated framework for identifying proper names in OBI based
on Large Language Models (LLMs) and a Multi-Agent System (MAS). Expert knowledge, including syntactic
patterns, generic name markers, and contextual evidence, is formalized into structured prompts that guide five
specialized agents: Presence Detection, Place Name Extraction, Clan Name Extraction, Polity Name Extraction,
and Consistency Verification. The framework further incorporates the Reflexion mechanism to enable iterative
logical self—correction. Experiments conducted on approximately 16,000 oracle bone inscriptions show that the
system achieves 92.3% accuracy in presence detection, with identification accuracies of 87%, 83%, and 79% for
place names, clan names, and polity names, respectively, substantially outperforming conventional rule—based
approaches. The results demonstrate that LLMs possess strong semantic disambiguation capabilities even in
the low—resource context of ancient scripts. Beyond enabling efficient large—scale screening of OBI corpora,
the proposed framework offers a promising computational approach to reconstructing the political geography of
the Shang Dynasty and supporting the development of historical knowledge graphs.

Keywords: Oracle Bone Inscriptions (OBI), Named Entity Recognition (NER), Large Language Models
(LLMs), Multi-Agent Systems (MAS), Shang Dynasty historical geography
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